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2.1 HAHY dan=F

WAl 2] (Machine Learning)S dHlolHZHE X4 HE58E A S
FHE 5 Asgsts HE S Z(Langley & Simon, 1995), HloE &
A317] %’43]1 drdor d8Hs mToltH(HYz & oW, 2010). =5
UAY 99 e 43F Aol AJAE A TRl Fofel A ol &4
o] ﬁ?ﬂl UL, o] 3t o] = B Z|YPolu =l Ml 7Rk
tlolE &A{o] &kst

° 2 wilede dagFe A4 wet A=
Learning) ¥} H| A %= 8F<5 (Unsupervised Learning) 2.2 EF¥ Ut A= g%
=

Uﬁﬂ,_ .L__J_,_.]:l:]

M u}i

QA o

8+<% (Supervised

A<

v
A, S Ao dldets HelHE sh5Al7|& WHECRE, Ui
A o 5 F-F(Classification) 2} 3] (Regression)ES 93 dug|5o =2 A%

o ol7)A BRE oJRY We T U §FY F5U5E S5 u

o L
Go wah, A A5Y THUFE I FeHE RS W@ W v
A% B BEe AN EAGA 4 PUES T, gEgow ¥

w Qo) o] iAol $A HE AT B BEs WY PE A
T ARE 33 A AR 4% BY F BRol Agh A% 459
2R 9 4% t augzEe

1(Support Vector
Machine, SVM), ix]i‘é} ﬂ%’%(Logistic Regression, LR), ¥4 XH2E
(Random Forest, RF), 28ty E F =¥ (Gradient Boosting, GB) T °] &
A gt
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AR U= 7HE el S wAalyd dagE SR, A
woF & dR Topelld 5 A5 S8 2-8¥H(Elouedi, Mellouli &
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Mobasher, Burke & Sandvig, 2006).
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ABSTRACT

Multi—purpose hybrid recommendation system to
improve telemarketing performance

Park, Eui—Beom

Major in Industrial & Management Engineering
Dept. of Industrial & Management Engineering
The Graduate School

Hansung University

A variety of recommendation algorithms such as collaborative
filtering are useful methodologies for recommended products to
customers. The telemarketing industry can also use the
recommendation system to improve business performance. However,
due to the nature of telemarketing, there is a problem that if the
contact with the customer fails, the product can not be recommended
even if the accuracy of the recommendation system is high. In this
study, we propose a series of processes to select customers with
high possibility of contact and recommend products to selected
customers in order to achieve maximum business performance within
limited resources. In addition, we have demonstrated through
experiments that the performance of the multi—objective hybrid

recommendation algorithm proposed in this study is superior to those of
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randomly selecting customers and recommended products.

Keywords: recommender system, machine learning, telemarketing, target

customer selection, gradient boosting, random forest
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